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Mini-batches 700k 700k 700k

Training Time %h 12h 34h

Trainin, 44 million 24 million 21 million

I al - g Gz?,mes - o - Y - 0 I Num. of |Avg. # Turns Avg. # Tokens Avg. # Tokens Avg. # Tokens

Thinking Time 800 sims 800 sims 800 sims Dataset Comparisons |per Dialogue per Example in Prompt in Response

40 ms 80 ms 200 ms Meta (Safety & Helpfulness) 1,418,091 39 798.5 314 234.1
Total 2,919,326 16 595.7 108.2 216.9
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https://commons.wikimedia.org/w/index.php?curid=67227170

2. Smart manufacturing,
https://commons.wikimedia.org/w/index.php?curid=11928438

3. Market crash,
https://commons.wikimedia.org/w/index.php?curid=153036498
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